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Youth unemployment is of paramount concern for the European Union. Young people are facing potentially slow and difficult
transitions into stable jobs. What optimally supports young people on the labour market poses a challenging question for
economic policy makers. Active labour market policies can be beneficial to young unemployed people. The aim of active
labour market policy is to improve employability of the unemployed. The consequences of an overly generous welfare state
can be a reduction in motivation to work. The effectiveness of employment programmes is therefore a crucial step in the
process. This paper aims to estimate the treatment effect of subsidized employment programmes on young Dutch unemployed
people using difference in differences propensity score matching. We test whether the effects of subsidized employment
programmes for young Dutch unemployed people are positive and strong in both the short and long term on the probability of
re-employment and on the probability of participation in the regular educational system in comparison with the outcome
produced in the event that an individual would continue seeking employment as an unemployed person. The probability of re-
employment in short-term circumstances is positive, but small. Whereas with long-term examples (two years after the
programme start) the probability is negative. Alternatively, the probability of participation in regular educational systems is
positive in the short-term as well as in the long-term, but evidently decreases in the long-term. Welfare reforms undertaken in
the Netherlands are directed towards enhancing efficiency. The role of social partners in social security administrations is
reduced and the reforms are intended to promote reintegration of people who are out of work. There is a general agreement
that the Netherlands is going in the right direction by giving priority to work and study over benefits, as it has become evident
that generous social benefits make employment policies inefficient.
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Programme; Effectiveness; Treatment Effect; Propensity Score Matching with Difference in Differences.

Introduction working experiences), with poorly defined objectives to meet,

but also rigorous activation strategies that may discourage

Youth unemployment is usually more sensitive to  such disadvantaged groups of youths unemployed to register

fluctuations in the business cycle compared to the  at the Centre for Work and Income (CWI) which has a

unemployment of older people. According to data by  central role in providing social assistance. They have a high

Eurostat, the unemployment rate for people under the age of  risk of staying in the margin and not going back to school as

25 is approximately 17 % (EU28). One of the top priorities  well as tackling illegal and shadow economy activities
of the European Union according to their 2020 strategy is to (Jakstiene et al., 2013).

reduce youth unemployment. Youths are faced with low The Dutch labour market performance (the research
chances of finding work, their jobs tend to be less stable and leading to these results has received funding from the
significant skills are mismatched on the labour market. European Union) reveals there is a high fraction of long-

An active labour market policy is key when tackling  term unemployed workers and low average working hours
youth unemployment and social exclusion as it contributes  due to high part-time work among workers (Gautier & Van
to an increase in employment and a decrease in  Der Klaauw, 2009; OECD, 2015). Youth unemployment is
unemployment. Since there are large funds intended for the  usually higher than the average unemployment due to
active labour market policy, and there is increasing  annual influx of school leavers, the fact that young people
pressure in terms of budget limitations, an ageing  are usually working on the basis of a temporary contract,
population and other challenges, the question of  they have less firm specific knowledge and they are more
effectiveness of employment programmes is appropriate.  sensitive to cyclical movements (see, for example Ciegis et
There is need for external programme evaluation. This  al., 2013; Marjanovic & Mihajlovic, 2014). Part of the

paper aims to fill this gap. youth unemployment is caused by the mismatch on the
Many of the programmes targeted towards youth  labour market.
(especially those who have high risk) have revealed Because the situation for the young people on the

disappointing outcomes. Not only are the programmes not  labour market is different nowadays, they face with a risk
suitable to the needs of unemployed youths (for example,  of ending in vicious circle of temporary unskilled jobs,
based on the same type of schooling and lacking practical ~ unemployment and programmes (Juznik Rotar, 2012,
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2019). Novak et al. (2016), on the other hand, also
highlight that generous welfare state, high taxation and
other labour market rigidities can reduce motivation on the
labour market.

Youth unemployment in the Netherlands has increased
in recent years. According to the Eurostat data the
unemployment below the age of 25 reached its peak in
2013 at 13,2 %, numerous are also school dropouts. In
particular, the point of concern is high unemployment
among young people without basic educational
qualifications. Between 2008-2014, youth unemployment
for ISCED levels 0-2 (less than primary, primary and
lower secondary education) in the Netherlands increased
more than 10 percentage points before decreasing to 12,3
% in 2017. Youth long-term unemployment has increased
from 0,5 % in 2008 to 2,3 % in 2014 and by 2017 still did
not reach its level before economic crisis. An important
indication of Dutch youth labour market performance is
the NEET rate which has increased in recent years,
reaching a peak of 4,0 % in 2013.

The objective of empirical research is to identify the
causal effect of employment programmes (subsidized
employment) on the probability of re-employment and on
the probability of participation in the regular educational
system of young unemployed Dutch people. This is
approached by using difference in differences propensity
score matching. Since the main aim of the active labour
market policy is to improve employability of the
unemployed, the outcome measure probability of re-
employment is the natural measure of successfulness for
employment programmes (see, for example Berzinskiene
& Juozaitiene, 2011). The second outcome measure we use
in empirical research is the probability of participation in
the regular educational system. This outcome measure
reflects the current situation on the labour market, as well
as the characteristics of young people as vital and dynamic
labour market segments that are more wvulnerable to
fluctuations in business cycle and often finds further
participation in the regular educational system as a solution
to currently unfavourable conditions on the labour market.

As part of the research we check whether the effects of
employment programmes (subsidized employment) for
young unemployed Dutch people are positive and strong in
the short, as well as in the long-term, on the probability of
re-employment. This also applies to the probability of
participation in the regular educational system in
comparison with the outcome produced in the event that an
individual would continue seeking employment as an
unemployed person.

Literature Review

In the Netherlands, there are two organizations
responsible for benefit administration. The nationwide
public insurance administration is responsible for
unemployment insurance and disability insurance benefits.
Whereas the social services departments of the
municipalities administer the welfare recipients. There has
also been a change in provision of active labour market
programmes, meaning that nationwide public insurance
administration and municipalities do not offer active labour
market programmes, but instead contract commercial

agencies. This should strengthen competition between
commercial agencies and result in better active labour
market programmes and more efficient use of resources
(see, for example Broersma et al., 2013; Kluve et al.,
2007). One problem is high diversification of active labour
market programmes in structure and content. Each
commercial agency offers different programmes, as well as
most evaluation research being done by commercial
agencies, whereas such evaluations suffer from lack of
suitable econometric skills for programme evaluation
based on modern econometrics techniques (OECD, 2008,
2016). We focus our literature review with regards to the
objective stated.

Estimations of treatment effects of employment
programmes using modern propensity score matching
analysis have been applied in different studies (see, for
example Abdennadher & Sahnoun, 2018; Lechner &
Wunsch, 2009; Vikstrom, 2017). Lombardi et al. (2017)
using Swedish administrative data show in their study that
treated firms can benefit from targeted wage subsidies.
Positive effects were evident before the introduction of
reform in 2007, which removed the participation of
workers in subsidy process. Whereas Van Ours (2004)
report potential decreasing job search efforts of young
unemployed  people participating in  subsidized
employment in the short-term, this is the so-called lock-in
effect. The duration of unemployment periods is key for
future labour market prospects of youth. Schmillen &
Umkehrer (2017) confirm that young people faced with
early stages of unemployment in their career have worse
employment prospects in future. Moreover, Stefanik et al.
(2018) found positive treatment effects of participating in
supporting workplace programmes for young unemployed
graduates, but negative income effects.

Kaiser & Kuhn (2016) studied the worker-level and
firm-level effects of a wage subsidy programme for highly
educated workers using propensity score matching. Kaiser &
Kuhn (2016) found that wage subsidy programmes had
positive effects on employment and annual earnings during
the participation in these programmes, while there were no
positive effects once the programme ended. While Kaiser &
Kuhn (2016) confirmed statistically significant effects for
the number of highly educated employees during the
programme participation, as well as after the programme
had ended, this was not true for the total number of
employees where effects were found only during the
programme participation.

Using a matching approach, Scott-Clayton & Minaya
(2016) examined the effects of student employment
subsidies on academic and employment outcomes. For those
programme participants who would have worked even in the
absence of the subsidy programme, the programme reduced
hours worked and improved academic outcomes while there
was little effect on post-college employment. The effects
were contrary for those students who would not have
worked otherwise.

Caliendo & Schmidl (2016) examined youth
unemployment and active labour market policies in Europe
and provided comprehensive survey on the effectiveness of
these active labour market policies for youth in Europe.
With respect to employment outcomes and taking into
account wage subsidy programmes, Caliendo & Schmidl
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(2016) found that there were more mixed effects for wage
subsidy programmes. Whereas Card et al. (2010) found that
wage subsidy programmes were often ineffective, whilst
Kluve (2010) used meta-analysis and reported effectiveness
of wage subsidies in increasing participants' employment
probability. Caliendo & Schmidl (2016) stressed the high
likelihood of unemployment for youth after the wage
subsidy expired and another problem of worker substitution.
Kluve & Schmidt (2002) studied the employment subsidies
for which the effects on employment outcome were
heterogeneous and wrote that young unemployed people are
difficult to assist.

Whereas, Carling & Larsson (2005) found no evidence
of the measure to prevent long-term youth unemployment
by guaranteeing an assignment to some labour market
programme within 100 days of unemployment. This point
suggests that early intervention was neither helpful nor
important for young unemployed people. Further
unemployment experience for long-term youth unemployed
school-leavers significantly decreased chances of finding
employment (Cockx & Picchio, 2013). Similar conclusions
based on a wide range of counterfactual impact evaluations
of youth employment programmes can be found in Kluve et
al. (2016). The type of intervention was less decisive,
especially with regards to high-income countries.
Alternatively, the programmes that integrated multiple

interventions provided evidence on labour market outcomes
due to better responses to different needs of beneficiaries.

Methodology
Data

We obtained data for this research via research project
funded by the European Union. In this empirical research we
use microdatasets on labour and social security provided by
the Central Bureau of Statistics Netherlands (CBS). The
objective of this paper is to evaluate the effectiveness of
employment programmes on young unemployed people,
whereas we focused on subsidized employment programmes
for youth aged 20-24 for the year 2008 due to the
availability of data and high diversification of employment
programmes in the Netherlands. Our data vector consists of
dummy variables land of birth indicating 1 the Netherlands
and 0 otherwise; variable number of parents abroad
indicating 1 at least one parent living abroad and 0 none;
variable generation indicating 1 autochthonous inhabitants
and 0 otherwise; numerical variable age measured in years;
variable sex indicating 1 men and 0 women; employment
status before the programme indicating 1 employed and 0
otherwise and numerical variable unemployment duration
before the programme measured in days. Descriptive
statistics of variables included in the empirical research is
presented in Table 1.

Table 1
Descriptive Statistics
Variable Mean Std. dev.

Land of birth 0,66 0,47
Number of parents abroad 0,48 0,49
Generation 0,41 0,07
Age 20,91 1,58
Sex 0,56 0,49
Employment status before the programme 0,42 0,49
Unemployment duration before the 130,85 186,03
programme

Source: Own calculations; CBS Data.

Obtained research results are then connected with the
current position of young unemployed Dutch people with
respect to outcome measures used in the research.
Subsidized employment is one of the main types of active
labour market policy. Together with activation strategies
they are designed to promote labour market integration by
reducing job-finding obstacles and increasing the probability
of re-employment. Subsidies are designed to compensate for
lack of work experience and other deficits (Eichhorst &
Rinne, 2014). The Dutch government introduced a measure
where employers who employ young persons who are
entitled to benefit will receive a premium discount (3.500
EUR per year) with a maximum of two years. From a
financial point of view, employers are thus more motivated
to employ young people (Dutch initiatives to prevent and
tackle youth unemployment). However, Kluve et al. (2007)
conclude that only subsidized employment in private sectors
have a positive effect on employment in a sense of outflow
from these jobs into ordinary jobs.

From available datasets we formed two groups of data:
an experimental group and potential control group. The
experimental group is represented by young unemployed

people aged between 20-24 who after registering with the
Employment Service in 2008 enrolled in a subsidized
employment programme. The experimental group consists
of more than 200 observations. Whereas, the potential
control group is represented by young unemployed people
aged 20-24, who registered with the Employment Service in
the year 2008 and never participated in any of the
programmes. We have to be cautious with this latter group
since unemployment periods before the start of the
programme is important when explaining the selection into a
programme. We followed the subsequent procedure
suggested by Lechner (1999). We divided both groups by
the month of registration with the Employment Service as
unemployed. The data for the length of pre-programme
unemployment was randomly distributed to observations
from the potential control group based on such data of
observations in the experimental group. If an actual
unemployment period of an observation in potential control
group was shorter than the randomly distributed one, the
observation was removed from the sample.
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Method

A convenient framework for defining causal quantities
and deriving corresponding estimators is offered by Rubin’s
causal model with its potential outcomes notation (see, for
example Heckman & Pinto, 2015). Formal framework of the
Rubin causal model says that each individual i has two
potential outcomes a) the potential control outcome Y/{°
under the control condition (Di=0) and b) the potential
treatment outcome Yi* under treatment condition (Di=1).
Where Yitand Y{°are called potential outcomes since they are
unknown but fixed outcomes before individual i gets assigned
or selects into the treatment or control condition. Only one of
the two potential outcomes is revealed after treatment, that is
the potential treatment outcome for the treated and the
potential control outcome for the untreated. The respective
other potential outcomes remain hidden. Since in practice for
the same individual i we never observe both potential
outcomes simultaneously, this represents the main hindrance
for modelling the causality (Heckman & Pinto, 2015). The
estimator is unbiased if an ignorable selection mechanism is
established via randomization. But, in practice randomization
is frequently not possible due to practical, ethical or other
reasons so that researchers have to rely on observational
studies (see, for example Huber et al., 2018). Following the
framework of Rubin causal model the difference in
differences matching estimator is implemented by calculating
the propensity score on the baseline year. Difference in
differences propensity score matching method is a
contemporary method and commonly used method of
empirical analysis for evaluating treatment effects, proposed
by the literature in the field of evaluating programmes (Morris

et al., 2013; Rubin, 2005). The method mentioned enables
better decision-making based on the quantification of the
effects of employment programme. Matching methods try to
match treated and control individuals on observed
characteristics in order to create comparable groups just as it
would have been done by randomization. The comparison
group must be statistically equivalent to the treated group,
meaning that the groups must be identical except that one of
them received treatment (see, for example Abadie & Imbens,
2016; Awustin & Stuart, 2017; Lechner & Wunsch, 2013).
Such circumstances allow the counterfactual outcome for the
treated group to be inferred and therefore for any differences
between the treated and untreated to be attributed to the
treatment. This means that untreated individuals are used to
construct counterfactual for the treated group (see, for
example Huber et al., 2013; Lechner & Strittmatter, 2017).
Difference in differences estimator allows for unobserved
heterogeneity that may lead to selection bias, but assumes that
this unobserved heterogeneity is constant over time (Crespi et
al., 2011). Propensity scores can be used to match treated and
control individuals having rich dataset before-and-after the
programme intervention. Treatment effect is calculated across
treated and matched control individuals within the common
support (Khandker et al., 2010).

First we carry out probit estimation to determine how
variables: land of birth, number of parents abroad,
generation, age, sex, employment status before the
programme, unemployment duration before the programme
influence the participation probability in the employment
(subsidy) programme. Table 2 displays the probit regression
model of the likelihood of participation in the programme.

Table 2
Propensity Score Coefficient Estimates
Variable Coefficient St. error
Land of birth -0,2845 0,1722
Number of parents abroad -0,1176 0,1387
Generation 0,2749* 0,1255
Age -0,1981 0,6153
Sex -0,1433* 0,0702
Employment status before the programme -0,7939* 0,0683
Unemployment duration before the programme 0,0104* 0,0009
Constant 1,2162 6,5104

Notes: * Denotes significance at the 5 % level.
Source: Own calculations; CBS Data.

Conditional independence assumption, which is one of
the conditions to prove validity of propensity score
matching, is not a directly testable assumption. Therefore, it
has to be justified by data quality as found in the literature
(see, for example Heinrich et al., 2010; Khandker et al.,
2010). We use data obtained via research project funded by
the European Union, whereas the Central Bureau of
Statistics Netherlands provided rich microdatasets on labour
and social security (CBS, 2012). Additionally, we have a
sample of more than 700 eligible non-participants in
comparison to the sample of 200 participants that also
enables us to facilitate better matching. According to this
information, we consider the conditional independence
assumption holds.

Common support is another condition for the validity of
propensity score matching which can be tested. It implies
that for each value of X there is a positive probability of
being both treated and untreated. This condition of common
support ensures that there is a sufficient overlap in the
characteristics of treated and untreated units to find adequate
matches (Rosenbaum and Rubin, 1983). Figure 1 shows the
density distribution of propensity score (histogram) in
groups of participants and in groups of non-participants.
Based on Figure 1, we see that for the great number of
participants there are similar non-participants, so we
conclude that the common support is satisfied. Only 1,1 %
of individuals have been discarded in the estimations
(Becker & Ichino, 2002).
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Figure 1. Distribution of Estimated Propensity Score by Treatment Status
Source: Own calculations; CBS Data

The next step we performed was to analyse the quality
of the matching between treated and non-treated individuals.
We follow Rosenbaum and Rubin (1983) who suggest
checking whether significant differences between average
values of the variables for both groups exist after matching.
According to Heinrich et al. (2010) eliminating the
differences should increase likelihood of unbiased treatment
effects. For the majority of variables in our case, matching

Results

Subsequently we realized propensity score matching in
combination with difference in differences approach. We
calculated average treatment effects on the treated ATT (see,
Table 3) on the outcome variable re-employment probability
and probability of regular studies one/two years after the
programme starts. The outcome variables were generated as

helps reduce the bias associated with observable  difference of re-employment probability of 2009 and 2007,
characteristics. additionally of 2010 and 2007, as well as difference of
regular studies for the same years respectively.
Table 3
Average Treatment Effect on the Treated
Variable | Sample | Treated | Controls | Difference | St. error
One year after the programme start
Re-employment Unmatched 0,280 -0,296 0,576* 0,030
probability ATT 0,280 0,263 0,017 0,127
Probability of Unmatched 0,016 -0,035 0,051* 0,022
regular studies ATT 0,016 -0,039 0,055 0,080
Two years after the programme start

Re-employment Unmatched 0,135 -0,275 0,410* 0,030
probability ATT 0,135 0,195 -0,060 0,131
Probability of Unmatched -0,015 -0,009 -0,006 0,022
regular studies ATT -0,015 -0,020 0,005 0,085
ATT re- Unmatched 0,268 0,645 -0,376* 0,021
employment ATT 0,268 0,184 0,084 0,093
probability 2007
ATT re- Unmatched 0,548 0,349 0,199* 0,022
employment ATT 0,548 0,447 0,101 0,089
probability 2009
ATT re- Unmatched 0,404 0,369 0,034* 0,022
employment ATT 0,404 0,379 0,024 0,089
probability 2010
ATT probability of Unmatched 0,173 0,121 0,052* 0,016
regular studies 2007 ATT 0,173 0,097 0,076 0,062
ATT probability of Unmatched 0,190 0,086 0,103* 0,016
regular studies 2009 ATT 0,190 0,058 0,131* 0,055
ATT probability of Unmatched 0,158 0,112 0,045* 0,016
regular studies 2010 ATT 0,158 0,076 0,081 0,061

Notes: * Denotes significance at the 5 % level.
Source: Own calculations; CBS Data.
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With the described approach we find an average
treatment effect on the treated of 1,7 % and -6,0 % for the
outcome variable re-employment probability one/two years
after the programme start respectively. One year after the
programme start re-employment probability of participants
is raised by 1,7 % through the employment programme,
whereas two years after the programme start the re-
employment probability is decreased by 6,0 % through the
employment programme. On the other hand, one year after
the programme start the probability of regular studies of
participants is raised by 55 % through the employment
programme, whereas two years after the programme start the
probability of regular studies is increased by 0,5 % through
the employment programme. Our results to some extent are
similar to those presented in previous research (see, for
example OECD, 2008). However, the estimated treatment
effects cannot be generalized. The average treatment effect
on the treated (ATT) is calculated as ATT=(after-
before)eated-(after-before)conrol. For the outcome variable re-
employment probability one year after the programme start,
for example, the ATT is calculated as 0,280-0,263=0,017.
Through the combination of matching and difference in
differences we have eliminated the time constant
unobserved effects. This can be seen if we calculate the ATT
as the difference between ATT re-employment probability
2009 (0,101) and ATT re-employment probability 2007
(0,084). The same can be concluded for other outcome
variables respectively.

Discussion and Implications

The positive treatment effect for outcome variable re-
employment probability one year after the programme start
is to some extent similar to those presented in previous
research. This factor emphasizes that only subsidized
employment in private sectors have a positive effect on
employment in a sense of outflow from these jobs into
ordinary jobs (nevertheless the database for our research do
not enable us to detect whether employment took place in a
private or public sector which is seen as a limitation of our
research). However, this positive effect can also be
attributed to how the Netherlands pursues the strategy of
part-time flexible employment opportunities for young
people. Gaining working experience and developing human
capital as well as forming social networks can be seen as a
path to permanent full-time contracts (Eichhorst & Rinne,
2014). This is of high importance, especially for young
migrants who are overrepresented among unemployed youth
and can also be generalised based on descriptive statistics of
our data. Following 2008, the unemployment rate of young
people with non-western background in the Netherlands
increased substantially and reached its peak in 2014 at 17,8
% as a consequence of economic situation. In the period
mentioned, the unemployment rate for native young Dutch
people has been consistently lower. The problem could be
seen in the limited focus on vulnerable groups into which
young migrants fall. The over-representation of young
people with non-western background within the youth
unemployed in the Netherlands could be due to their job
search behaviour (intensity and effectiveness), limited
network and discrimination. Furthermore due to their low

educational background (see the data in the next paragraph)
which limits their understanding of the available information
regarding different schemes and employment programmes
could be made more transparent and easy to understand.
This could contribute to lowering administrative burdens
and regulatory complexity and could facilitate efficient
integration of young migrants. In spite of the trend of
digitalisation of information and government services, the
personalized approach and support towards young people
with non-western background could help them optimize
their integration into Dutch society.

However, in the long-term, the re-employment
probability decreases and is even negative. One possible
reason are the consequences of economic crisis on the labour
market which come with the delay. Since the subsidized
employment programme is primarily offered to
disadvantaged unemployed people there is also risk that a
potential employer sees participation in such programme as
a negative signal (see, for example Stefanik, 2014). Another
problem on the Dutch labour market is a high number of
school dropouts. Young people leave education because of
wrong study choice or the type of education offered (little or
no connection with real workplaces). They often do not meet
basic educational levels, do not have the pertinent skills or
qualifications needed on the Ilabour market and
consequentially have weak positions on the labour market
and are vulnerable to becoming unemployed. The situation
described is evident for young people with non-western
background. In 2016, 58 % of young people with non-
western background had basic educational qualifications.
What is more, the proportion of early school leavers among
young people with non-western background without basic
educational qualifications is still higher than for native
young Dutch people (CBS, 2017).

In the context of present and future labour demand in
the Dutch labour market, the immigration policy plays an
important role in light of development of strategic sectors in
the Dutch economy and overall regional development of a
country. The Dutch labour migration system was demand-
driven migration until recently when they introduced
supply-driven migration schemes where job offers are not a
precondition and migrants may instead be admitted based on
their characteristics (OECD, 2016). Such schemes were
oriented towards international graduates from Dutch
universities and expanded also towards graduates from
recognized universities across the world.

The policy shift towards the recruitment and retention of
skilled migrants and international graduates can be seen as
an opportunity for young people with non-western
background to improve their career developments and
prospects for their future life.

Higher levels of education tend to reduce risks of
unemployment and encourage a better sense of well-being
and less pressure on social security expenditures (Giziene et
al., 2012).

According to some major reforms, the Netherlands has
been able to reduce the generosity of unemployment
insurance and the number of benefit recipients. The
philosophy of a ‘work first approach’ towards getting
unemployed people back to work as soon as possible and

-65 -



Inzinerine Ekonomika-Engineering Economics, 2021, 32(1), 60-69

limiting dependence on benefits, or at least reducing it to a
minimum, was adopted (Van Schie, 2015; OECD, 2008).

An important implication for EU labour market decision
makers is to consider some structural challenges young
people face when entering a labour market. Starting with
labour market segmentation, young people are
overrepresented in temporary and part-time contracts, pushing
young people into the risk of precarious employment,
relatively low wages and bad long-term employment
prospects usually as a result of tight employment protection
legislation. To address such structural challenges, policy
makers could utilize targeted subsidized schemes where
subsidy is conditional on keeping young people in
employment for some period after the end of subsidy. There
should also be some balance between protection and rights of
permanent and temporary employment contracts, as well as
promoting entrepreneurship among Yyoung people and
supporting them with necessary services and information
that also promotes labour mobility. Another important
structural challenge is the performance of education and
training systems. These systems should be more oriented
towards the needs of the labour market and provide high
quality education that develop effective strategies for school
dropouts and low skilled young people and also recognize
informal and non-formal learning. The culmination of such
obstacles when entering the labour market means that young
people are also hindered by the availability of quality work
experience, as well as a low capacity of public employment
services to provide tailored services and support to young
people in vulnerable situations. Therefore, the capacity of
public employment services should be strengthened in order
to provide personalized counselling and adequate support to
young people based on their specific needs and profiles.
Moreover, implementation of activation policies and
sustainable integration of young people should be managed
through efficient labour market institutions reaching the
European 2020 employment target.

Conclusions

Despite the Dutch labour market’s above average
performance in comparison to other OECD countries, with
youth unemployment rates below 10 %, the situation after
the economic crisis has impacted young people the most.
Therefore, an effective and active labour market policy
targeted towards youths is essential, along with the
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